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With the gradual opening up of Chinese electricity market, large—scale monopoly power
enterprises are forced to join in the fierce competition. The evaluation of electricity users becomes more
and more important. This paper proposes an evaluation model based on electric business behaviors using
semi-supervised machine learning algorithms, and changes the evaluation problems to classification
problems. By building predict models using random forest and semi-random forest algorithm, it can
decrease the influence of class imbalance problems and give an accurate prediction of user business
behaviors, which may provide a new method to evaluate the electricity user value.
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