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In order to study the effectiveness of search diversification on queries with different specificity
and improve retrieval quality and user experience, this paper manually labelled the specificity of queries
from the TREC (2009-2012) Web Track, adopted the Dirichlet language model, linear interpolation
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RESEARCH ON THE RELATIONSHIP BETWEEN QUERY SPECIFICITY
AND SEARCH DIVERSIFICATION

language model and TF-IDF model, used the MAP-IA, a-nDCG@k, ERR-IA@k to evaluate diversified
search results and performed statistical analysis and differential test on the results to comprehensively
analyze the relationship between query specificity and search diversification. The experimental results
showed that there was a certain correlation between the specificity feature of queries and the effect of
diversified search. The diversified search results of the queries with stronger specificity were significantly
better than those of the queries with narrower specificity, especially in the top search results list.
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<topic number="1" type="faceted">
<query>obama family tree</query>
<description>
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Find information on President Barack Obama's family history, including genealogy, national origins, places and dates of birth, etc.

</description>
<subtopic number="1" type="nav">

Find the TIME magazine photo essay "Barack Obama's Family Tree".

</subtopic>
<subtopic number="2" type="inf">

Where did Barack Obama's parents and grandparents come from?

</subtopic>
<subtopic number="3" type="inf">

Find biographical information on Barack Obama's mother.

</subtopic>
</topic>
<topic number="23" type="ambiguous">
<query>yahoo</query>
<description>
I'm looking for different sites hosted by Yahoo!
</description>
<subtopic number="1" type="nav">
Take me to the Yahoo! homepage.
</subtopic>
<subtopic number="2" type="nav">
Take me to Yahoo! Mail.
</subtopic>
<subtopic number="3" type="nav">
I'm looking for the Yahoo! Messenger homepage.
</subtopic>
<subtopic number="4" type="nav">
Take me to Yahoo! Finance.
</subtopic>
<subtopic number="5" type="nav">
I'm looking for the Yahoo! Music homepage.
</subtopic>
<subtopic number="6" type="nav">
I want to log in to my Yahoo! account.
</subtopic>
<subtopic number="7" type="inf">
Find information about Yahoo!, the company.
</subtopic>
</topic>
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