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Abstract: Tag construction plays an important role in information retrieval and personalized recommendation. Scholars’ research

interest tags reflect the research hotspots and development directions of scholars and a certain field in a certain period. Taking
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scholars as the research object, research on the scholars’ research interest tags is helpful to automatic construction and recommen-
dation of scholars’ interest tags, which plays an important role in strengthening academic exchanges and cooperation. Based on
the academic paper information, this paper used LDA and Doc2Vec to represent the scholars and interest tags respectively. Then,
we calculated the cosine similarity between the scholars and the research interest tags obtained by these two methods. Finally, we

use the ensemble method to fuse interest tags and get the research interest tags of scholars. The results turns out that the ensemble

method can achieve better tagging results.
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