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The Research of Knowledge Representation Learning Based on Hybrid

Context
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Abstract: [Objective/Significance] Knowledge graph is a kind of data structure which contains rich entities and relationships.
However, most knowledge graph is incomplete. [Method / Process] Knowledge representation learning is a popular method
to complete knowledge graph. Based on the analysis of knowledge representation learning methods, this paper explores
the complementary mechanism of text information and triple information, and combines the two types of information with
distance supervision and attention mechanism. [Results / Conclusions] Finally, a knowledge representation learning method
based on mixed context is proposed. The experimental results show that the model combining text and triples can significantly
improve the effect of knowledge representation learning, and is better than some existing models in some indicators.
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Donald J. Trump is the 45th President of the ]
United States.

Trump was born and raised in the New York J
City borough of Queens, United States.

his historic speech Wednesday to announce
that the United States would recognize

While President Donald Trump was giving
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