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Abstract: [Purpose/Significance] In recent years, with the correlation between estimation results and manual evaluation gradually
increasing, translation quality estimation has attracted wide attention and great importance from machine translation researchers, so it
is important to summarize and organize the sentence-level translation quality estimation methods. [Method/Process] The paper mainly
classifies them into traditional machine learning-based methods, neural translation model-based methods and pre-trained language model-
based methods, compares and contrasts the representative works of these three translation quality estimation methods, the crossover works
and the development routes of different methods, and introduces the relevant evaluation activities and performance evaluation indexes that
drive the translation quality estimation research, and finally looks forward to the sentence Finally, We look forward to the future research
directions and development trends of translation quality estimation at sentence level, and conclude the whole paper. [Results/Conclusion]
The future research direction of machine translation quality estimation will become more and more mature, and the application scenarios
will become more extensive, with a tendency to gradually replace the traditional translation automatic evaluation tasks.
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