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Abstract: [Objective/Significance] Keyword extraction technology can help users quickly locate core content from massive short
texts, which is of great significance to intelligence collection. At present, keyword extraction mainly relies on word frequency

and co-occurrence relationship, ignoring the guiding role of the knowledge base in keyword extraction. [Methods/Process] This
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article provides a method of keyword extraction that integrates knowledge. First, build a vocabulary knowledge graph based

on the original meaning and the word forest, and then combine the co-occurrence relationship of the words to generate a new

probability transition matrix, and finally realize the keyword extraction. [Results /Conclusions] Experiments based on massive

abstract data sets show that the keyword extraction method based on fusion knowledge can effectively improve the performance

of existing keyword extraction methods.
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