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Abstract: [Objective/Significance] Named entity recognition is a fundamental task in natural language processing, and deep
learning-based methods have achieved remarkable results in general domains, but not in specific domains. Aiming at the

problems of insufficient labeling samples, quite differences in data features and difficulty in model expansion, this paper
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introduces a limited span-based transformer classifier for named entity recognition model (Span-based Transformer Classifier

doi:10.3772/j.issn.2095-915x.2022.03.002

for Named Entity Recognition, STCNER). [Methods/Process] The model takes advantage of the features extraction of Encoder
in Transformer and combines with the limited span-based labeling method, which solves the problem of the sequence labeling
inconsistency caused by traditional labeling method in the training process. On this basis, then introduce the transfer learning
strategy which adopt the parameter sharing method to transfer the named entity recognition model in general domains to the
specific domains. After fine-tuning it on the domain-specific dataset, the model performs well in specific domain. [Results/
Conclusions] The experimental results show that the accuracy of STCNER model is 8.7% higher than the baseline model on the
dataset in the industrial informatization field. Compared with the model without transfer learning, the accuracy and F-scores are

improved by 3.1% and 1.1% respectively on the corpus of People's Daily and the data set in the industrial informatization field,

which proves the effectiveness of the transfer strategy.
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