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Abstract: [Objective/Significance] In order to dig out the deep-level relationship between academic papers from multiple
perspectives such as citation network, content, and tags, and improve the effect of academic paper recommendation, an academic
paper recommendation method by network representation learning and text information is proposed. [Methods/Process] Firstly,
use network representation learning, bert algorithm, and tags to generate feature vectors based on citation network, long text
content, and short text tags for the paper dataset; Secondly, according to the vectors generated by the network representation
learning and bert, the first feature fusion vector is calculated, and based on the first feature fusion vector and the vector

calculated by paper labels, the secondary similarity fusion matrix is carried out by the cosine similarity algorithm; Finally, sort
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the similarities of papers and realize Top-N recommendation. [Results/Conclusions] The proposed method is validated in the

CiteUlike dataset, the precision, recall and F-measure of this method increased by 31.05%, 28.51% and 29.70% on average

compared with the comparison method, and the results show that this method can effectively improve the quality of academic

paper recommendation compared with single recommendation method.
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