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RESEARCH ON NAMED ENTITY RECOGNITION AND APPLICATION OF TRADITIONAL
CHINESE MEDICINE ANCIENT LITERATURE BASED ON LATTICE LSTM

Abstract: [Objective/Significance] In order to further improve the accuracy of named entity recognition in ancient Chinese
medicine literatures, using information tools to assist modern Chinese medicine practitioners in medical diagnosis and clinical
decision-making, promote the inheritance and innovation of traditional Chinese medicine. [Methods/Processes] This paper
proposes a named entity recognition model of ancient Chinese medicine literatures called Lattice LSTM model that integrates
character information and lexical information to extract five entities: disease, syndrome, prescription, symptom and medicine
in “Treatise on Febrile Diseases”. Then on the basis of these extracted entities, the relationships between them are manually
extracted, and Neo4;j is used to build a knowledge graph of traditional Chinese medicine. Finally, taking the COVID-19 as
an example, the graph is used to complete the relevant information retrieval. [Results/Conclusions] The experimental results
show that Lattice LSTM has the best performance in the recognition of traditional Chinese medicine terms, with an F1 value of
95.66%, which is 1.68% higher than that of the mainstream model BiILSTM-CREF, so Lattice LSTM can be used for named entity
recognition of ancient Chinese medicine literatures. In addition, the constructed knowledge graph of traditional Chinese medicine
verifies the realistic value of the main model.

Keywords: Lattice LSTM; Ancient Chinese Medicine Literatures; Named Entity Recognition; Knowledge Graph
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