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A large scale parallel corpus plays an important role in improving the performance of machine
translation. It spent highly for manually constructing a parallel corpus. This paper proposed a pivot based
approach for constructing high quality parallel corpus with low cost, in which the existing machine translation
technology and active learning method are combined. This paper describes the domain adaptation method
based on active learning, the good translation selection method based on automatic translation evaluation,
and iterative retraining of translation system. We applied the approach to the construction of Japanese-
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Chinese parallel corpus by taking English as pivot and conducted evaluation experiments. The experimental
results showed that the proposed approach effectively obtained Japanese—Chinese parallel corpus with high
quality and the constructed parallel corpus indeed improved the performance of Japanese-Chinese machine

translation system.

Keywords: Pivot language, machine translation, parallel corpus, active learning
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