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Tourist online reviews can reflect their real experiences and feelings on travel service, which
gradually influence other tourists’ opinions on tourist destinations and even consumption behaviors. How
to convert the fragmented travel comment data into useful information for other users and tour operators
becomes a hotspot of tourism information mining. This paper proposed an information mining method based
on the LDA (Latent Dirichlet Allocation) topic discovery model, and carried on a topic classification and
sentimental analysis of the online reviews of the Forbidden City in dianping.com, Ctrip.com and mafengwo.
cn. The results showed that there were four topics of online reviews of the Forbidden City, these are entrance
service, history and culture, experience and feeling, heritage and cultural relic, and the sentimental on these
four topics is positive. Wherein, dianping.com and mafengwo.cn have high sentimental polarity values in
terms of experience and feeling. This method has practice meaning for addressing what tourist pay attention

to on destinations.
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