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In the era of big data, it is very important to use text mining technology to automatically extract
research topics from large amounts of scientific and technological literature for detecting the research trends.
Considering the publication time information of scientific and technical literature, this study analyzed the topic
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content and topic intensity of computer science journals based on the latent dirichlet allocation (LDA) model
from the catalog of “comprehensive science and technology” during the period of 2006-2014. Meanwhile,
this research also studied the research trends based on the professional literatures of computer journal. This
study obtained seven enhanced research topic and six weakened topic from total 25 topics, which indicated
the research status of computer science in the colleges and universities of China. Through the data mining
and analysis, this research revealed the development of computer science in the colleges and universities
of China, which may assistant the researchers in this field to find out the new research topic, and it is also
helpful to the university journal for grasping academic hot spot and front direction soliciting contributions and
academic album publishing for improving the influence of the university journal.

Keywords: University journal, computer science, topic model, topic evaluation, trend analysis
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