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Deep Learning is a new machine learning method, and it has been widely used in image
recognition, speech recognition, information retrieval and other related areas. The authors of this study
have referred to the recent papers of information science in China, while we have not found any research
achievements related to Deep Learning. Therefore, the main purpose of this paper is to introduce the Deep
Learning technology to library and information science, and we focused on the basic theory, application, the
next step of research and the enlightenment of information science in order to provide an important reference
in solving the problems during the research of library and information science.
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