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ARTIFICIAL INTELLIGENCE OF DIABETIC RETINOPATHY
IMAGE RECOGNITION USED IN THE REAL WORLD

AI%%%W%EE@M%EE%E%%@%I

Artificial intelligence image recognition brings revolutionary development to medical image
recognition. This study built a deep learning algorithm based on more than 180000 colorful photos of fundus
from EyePACS for automated detection of diabetic retinopathy (DR). The test results of sensitivity and
specificity achieved 95.3% and 79.5% respectively under laboratory conditions. This research tested the
accuracy of the algorithm in the real world by using 34100 colorful photos of fundus uploaded by the users
of Airdoc retinal disease intelligent recognition center from the internet. For detecting DR, the sensitivity
and the specificity of the algorithm was 94.6% and 78.4%, respectively. The results indicated that the deep
learning algorithm model had copied ophthalmologists’ experience of diabetic retinopathy diagnose to an
auxiliary diagnosis soft with higher efficiency similar accuracy as the human doctors. It is a potential helper
for DR screening in huge people in the future.
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