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Term extraction plays an important role in the field of scientific literature. In order to improve
the accuracy and recall of the term extraction, this research designed a neural network model based
on BLSTM (Bidirectional Long Short-Term Memory) model. The segmentation results in Chinese were
mapped into the vectors via pre-trained word vector dictionary, and the output of classification results were
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mapped as the term boundaries via the sequence tagging. The experiment was implemented to compare
the BLSTM model with word feature and the conditional random field method in the fields of automation
technology and computer technology. The results presented that the BLSTM model obtained the better
performance with the highest accuracy 0.7821, the highest recall 0.8020 and the highest F1 value 0.7860 in
Chinese dataset. For the English dataset, the highest accuracy, recall and F1 value is 0.8525, 0.8677 and

0.8543, respectively.
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