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The traditional statistical methods which based on the syntactic features algorithm were
frequently used for the Chinese semantic role labeling. Since the dependency parsing provides semantic
relations between words, better performances in semantic role labeling were achieved. However, hand-
crafted feature extraction process was complicated in such methods and it is difficult to capture the long
range dependences in a sentence. With the development of deep learning, researchers have applied
the bidirectional long short-term memory (Bi-LSTM) model to semantic role labeling, which is capable of
learning features automatically and capturing long-range dependence. This paper proposed a method
of combining model (Bi-LSTM) with dependency structure and introduced a Gated filtering mechanism
(GFM) to adjust the word representation. Experimental results on CPB showed that the proposed method
achieved 79.53% of F1in Chinese semantic role labeling and significantly outperformed the previous work.

Keywords: Chinese semantic role labeling; gated filtering mechanism; Bi-LSTM-CRF; dependency parsing
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