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With the advent of the era of big data and intelligence, how to improve the cognitive computing
ability for large—scale data has become a research hotspot. Existing cognitive computing platforms support
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limited industry applications and domains. This paper presents a cognitive computing model based on deep
semantic understanding. In this model, a formal method is used to represent a large number of knowledge
nodes and their various relationships, so knowledge map can be quickly established for any vertical field. In
addition, the model builds a knowledge engine to efficiently match the established knowledge map with text
to identify semantics. Then, based on the vast amount of knowledge nodes extracted, logical reasoning

and prediction are carried out. The application in the prediction of divorce cases shows the semantic
expression and reasoning ability of the proposed cognitive model.

Keywords: Semantic understanding; cognitive computing; knowledge extraction; logical reasoning;

knowledge engine
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