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Abstract: The publishing industry faces the challenge of cross-media data organization and massive historical data brought by

rich media data in big data area. The text data for rich media publishing houses has the characteristics of huge data and hierar-
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chical labels. In order to form an effective knowledge organization, this paper uses TSVD to reduce dimensionality, applies Lin-

earSVM model, and designs Multi-level classification method for text classification of rich media texts. Experiments show that

under the texts of rich media, our method has achieved good results. Under the 150-dimensional text feature, the second-level

effect of regional classification is the best, with the accuracy rate reaching 0.98, the recall rate reaching 0.76, and the F1 index

reaching 0.87.

Keywords: Rich media; text classification; SVM; reduce dimension
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