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Recognition of Scholar Interest Tag for Academic Literatures
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Abstract: literature is recognized as the carrier of scientific progress and development. Various metadata information, including
the author, thesis, press, and even the relationship between these entities, is of great value. How to construct user profile for
academic users exactly is a challenging issue. The early user profile is relatively simple, with little distinction and usability. Based
on the real data set of task 3 in “2017 Open Academic Data Challenge”, we extract the relationship between scholars and press,
and the relationship between scholars and thesis to design the relationship model. And then, use the LSI dimensionality reduction
technology and the similarity calculation of text to recognize the scholar’s interest. The recognized interests are evaluated and do
data visualization analysis. The experimental results show that the method proposed based on the information of the press and
thesis in this paper can effectively and accurately recognize scholars interest labels. And the accuracy is P@1=92%, P@2=94%,
P@3=98%.
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