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Abstract: [Objective/ Significance] In the development of science, research methods play an important role. Collecting and
analyzing method entities of specific disciplines can help scholars better understand the research methods in this field and find
methods suitable for their a own research. At present, there have been related researches on method extraction and evaluation,
but no knowledge entity extraction and evaluation research has been carried out for specific tasks. [Methods/Process] This article
takes the named entity recognition (NER) task as an example, collects relevant papers from the ACL Anthology website, and uses
content analysis to annotate the method entities used by the authors in papers. We got 904 method entities from 426 academic
papers. We evaluated the impact of the method entity based on the number of times of usage and the age of usage. [Results /
Conclusions] The study found that conditional random field is the most influential algorithms in NER task and neural network
learning algorithms have developed rapidly in the past 5 years; Scholars tend to use algorithms instead of ready-made tools for
entity recognition; In terms of data selection, classic datasets are still the first choice of scholars; F-measure, recall and precision
are the most influential indices and measurements. The annotation results in this article can help scholars better understand the
task and improve the efficiency of scientific research. The results of entities” impact can provide a reference for beginners when
choosing research methods.
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