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Abstract: [Objective/ Significance] Most of the information existing on the Internet is in the form of a combination of text,

images, videos, etc., which is the so-called cross-media data. Traditional retrieval methods include document retrieval and image

retrieval. They can no longer meet the needs of today's information retrieval. Therefore, cross-media data retrieval has emerged.

[Methods/Process]| The research on cross-media data retrieval has very important research significance and application value.

This paper uses the Doc2vec model and the VGG16 model to process the feature values of text and image data respectively, and

uses the vector similarity distance metric to match text and image data. [Results /Conclusions] The experimental results show that

the method proposed in this paper can fuse data in different modal forms, effectively improve the hit rate of automatic matching

of graphic and text data, and realise a graphical text retrieval method based on feature vectors of heterogeneous data.
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