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Abstract: [Objective/ Significance] The quality of the training corpus is very important to mainstream text classification

algorithms. Denoising, especially “out-of-category noise”, helps to improve the quality of the training corpus, thereby improving

the accuracy of the text classification algorithm. [Methods/Process] This paper focuses on using semantic information to eliminate

“out-of-category noise”, builds a “category-category keywords” knowledge base for each category of training corpus, and

uses “word embedding” to automatically compare its semantic information to determine whether there is noise in the category.

And give a list of candidates for noise category and noise data, and finally eliminate the noise by means of human-computer

interaction. [Results /Conclusions] The denoising method proposed in this paper can effectively detect and eliminate the noise

data in the training corpus of large-scale text classification, and improve the quality of the training corpus.

Keywords: Text classification; denoising;word embedding
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