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Identifying Internet Fake Information based on Deep Learning

LIU Jiangiang' LU Weidang" HUANG Guoxing” MA Ning'
1. Academy of Military Science of the PLA, Beijing 100091, China;
2. School of Information Engineering, Zhejiang University of Technology, Hangzhou 310023, China

Abstract: [Purpose/Significance] With the rapid development of Internet technology, the mixing of fake information has become
a pattern of network public opinion highlighted in the field of high-tech in recent years. Fake information can be used as an
important “weapon” to affect the strategic situation of science and technology, which will prevent my country from obtaining
various types of valuable data correctly and efficiently, thereby causing immeasurable losses to the country and society. [Methods/
Processes] This paper sorts out the basic concepts of Internet fake information, and proposes a set of software platform design for
fake information identification based on related research work in recent years. At the same time, in order to improve the accuracy
of fake information recognition on the software platform and speed up the algorithm convergence, a fake information screening
algorithm based on generative adversarial network is proposed. [Results/Conclusions] The experimental results show that the
proposed fake information identification platform effectively improves the accuracy of information identification.
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