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Abstract: [Objective/Significance] Natural disasters such as rainstorms and flooding happen frequently in China. During such
disasters, public opinions disseminating quickly on social media which may trigger negative effects on social stable. Extracting

the discussion themes of the public during natural disaster can help the government agencies formulate efficient disaster
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A STUDY ON THE TOPIC DETECTION AND EVOLUTION ANALYSIS OF NATURAL DISASTER EVENT:

TAKING THE NATURAL DISASTER DISCUSSION IN ZHIHU AS AN EXAMPLE

management strategies. [Methods/Processes] The study applied one rainstorm ("July 20, 2021 rainstorm in Henan Province")

and one flooding ("2020 flood in Southern China") Zhihu datasets to investigate the main topics. Specifically, Correlated Topic

Model (CTM) was applied to examine the topics in the posts of Zhihu users. Specifically, this study combines the two aspects of

topic intensity and topic communication breadth to analyze users' attention changes during rainstorms, and explores the impact

of user participation on topic communication, and then deduce the content and evolution patterns of topic communication during

disasters. [Results/Conclusions] We uncovered the topic content and evolution patterns of topic communication during disasters

and provided practical insights to the government agencies.

Keywords: Natural disaster events; Topic evolution; Zhihu; Topic model; Public opinion dissemination
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A STUDY ON THE TOPIC DETECTION AND EVOLUTION ANALYSIS OF NATURAL DISASTER EVENT:
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