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Abstract: [Objective/Significance] Automatic extraction of domain terms has been a research hotspot in the field of information

technology. An urgent problem to be solved is the shortage of terms for labeling training corpus, which limits the application of
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neural network models in domain term extraction. To solve this problem, this paper proposes a BLSTM-CRF-based bootstrapping

doi:10.3772/j.issn.2095-915x.2023.05.008

term recognition approach. [Methods/Processes] First, inputting a small number of seed terms for corpora annotation and training
BLSTM-CRF model to identify candidate terms; Then, constructing a set of criterions based on the quality of terms in order to
select high-quality new terms from candidate terms, and adding these quality terms to the annotation set for next round training.
Thus, the corpus is relabeled for iteratively model training until the number of new terms is less than a certain threshold or a
specific number of iteration rounds is reached. In addition, the model trained on the corpus of the computer science domain can
be transferred to recognizing technical terms on the new-emerging domain of fusion-publishing. [Limitations] There are still
issues such as the quantification method of term quality features to be optimized by integrating multiple indicators, the learning
mechanism of model improvement does not introduce negative examples and the iteration is not easy to converge, etc. [Results/
Conclusions] The decision of iteration approach is supported by the experiments on the amount of annotation and the contextual
richness, which show that the performance of term recognition can be improved when new annotation data increases. Taking
the model obtained after 50 rounds of iterative training as an example, the F1 of the recognized terms and all the annotation
sequences are 0.43 and 0.59 on the test set of the computer science domain, and the new-term rate is 0.79, which are better than
the benchmark BLSTM-CRF model and the BERT-BLSTM-CRF model. It is confirmed that the new method has low starting cost
and good domain adaptability, which effectively solves the problem of lack of training corpus in term recognition. In the model
transfer efficiency evaluation, the average correct rate on the sampled term recognition is 87.7%, which illustrates the application
potential of the transfer learning method.
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