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Research on the Latent Factor Model in Recommender System
LI LinNa, JIANG XueQin

(Institute of Scientific and Technical Information of China, Beijing 100038, China)

Abstract: Latent factor model is an efficient method for latent semantic analysis. The core idea of latent factor
model is to link users and items through implicit features. In this paper, the theory of latent factor model was
introduced firstly, and its representation and solution was discussed subsequently. Three classic Latent factor
models were introduced in details. Furthermore, the performances of these models were compared through

experiments based on test dataset, and the characteristic of latent factor model in applications were also discussed.
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& 3 AEFIERMERRE TR BFREINIRED 7

Base-SVD Bias-SVD

FIRE IERREL RMSE MAE FIRE IERREL RMSE MAE
0.007 95 0.91409 0.72437 0.007 95 0.90827 0.71526
0.005 195 0.91572 0.72485 0.005 195 0.91038 0.71564
0.003 255 0.91157 0.72165 0.003 255 0.90792 0.7143
0.001 700 0.91022 0.72056 0.001 700 0.90688 0.71329

SVD++ Asymmetric-SVD

FERE IEREL RMSE MAE FIRE IEIREL RMSE MAE
0.007 95 0.91022 0.72056 0.007 5 0.95203 0.75338
0.005 195 0.91022 0.72056 0.005 55 0.93763 0.7391
0.003 195 0.91022 0.72056 0.003 55 0.93313 0.7383
0.001 500 0.91022 0.72056 0.001 195 0.92134 0.72725

T T R EN RN, FIAPRREI TS . SEBOEE R, T ASERAS 2 i T

ARICHE AT T RaE OB SR B
A FLERPHAN FRFRT, 43 A Base—SVD | Bias—
SVD. SVD++ Hll Asymmetric—SVD 5 P fifi s 7 570
RO AR R R RN > 0 T T AR
A, FHIm L S AN R FE RO R T T o
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