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BETRRESNMERNCIEXEIRBI 5
RESEARCH ON ARGUMENTATIVE ZONING RECOGNITION BASED ON HIERARCHICAL
ATTENTION NETWORK

Abstract: Argumentative zoning recognition of academic texts is an analysis of the argumentation and rhetorical structure of
academic literature content. Aiming at the problems that current research mostly relies on traditional artificial experience to
build rules and features with poor effect and weak generalization ability in argumentative zoning identification, this paper uses
the HAN deep learning model based on the hierarchical attention mechanism to identify argumentative zoning of academic text.
The article first introduces the HAN model, and describes the overall structure and mechanism of the model. Secondly, for the
biomedicine field, this paper proposes a 9-classification system and compares the text classification algorithms LSTM and SVM
with the HAN model on the PubMed biomedical dataset. The results show that the HAN model used in this paper has the best

effect, and the F1 value reaches 0.90, which can well complete the research on the recognition of argumentative zoning. Finally,

we analyze the misclassification of the experimental results and point out the future research direction.

Keywords: Hierarchical attention network; argumentative zoning; deep learning, text classification
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