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Abstract: [Purpose/significance] By analyzing the circulation data of library book borrowing, this paper proposes a library
recommendation model based on time interest factor and network learning-TIF N2V_CF. [Method/process] Evaluate the time
between users to borrow books and define the weights of interest factors, constructing a homogenous relationship network based
on circulation data; The network representation learning inputs the obtained feature matrix into the fusion recommendation
module and obtains the recommendation results. [Result/conclusion] Experiments show that the Recall of the TIF_N2V_CF
model is 0.1302 and 0.2031 at top z=10 and z=20, respectively, which is higher than the N2V_CF model without time interest
factor. The TIF_N2V_CF model introduces the time interest factor into the network representation learning, and calculates

the similarity of the feature matrix that combines the user and the book, the problem of difficult serialization caused by the
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book borrowing circulation data containing multiple book borrowing records at the same time is solved, and the impact of data

sparseness and cold start on the model performance is alleviated, and the recommendation accuracy is improved.
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