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Abstract: [Objective/Significance] This paper explores methods for identifying disruptive technology topics and topic
associations based on patent data. [Methods/Processes] First, taking artificial intelligence technology as an example, the target
patent and its cited patents and cited patents are obtained to calculate the disruptive index of the target patent. Secondly, based
on the target patent abstracts, a structural topic model with the disruptive index as a covariate is built. Finally, the domain topics
are classified and the topic association network is constructed, and the topic popularity is also calculated to filter out disruptive

technology topics. [Limitations] The methods can’t replace the experience of expert, and is underperforming on disruptive
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technology topics predicting tasks. [Results/Conclusions] Four potentially disruptive technology topics, human-computer

interaction, quantum artificial intelligence, machine reading understanding and recommender systems, were obtained. The results

show a focus on two directions: reducing the cost of computing power and optimizing human-machine interaction.

Keywords: Disruptive technology topics; disruptive index; structural topic model
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