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Abstract: [Objective/Significance] To explore a large language model book classification method based on multimodal data and
solve the bottleneck of traditional book classification methods. [Methods/Processes] A unimodal dataset and a multimodal dataset
were constructed. Prompt language was constructed using a small sample learning strategy, and the book classification results of
GPT-4 and DeepSeeck models were compared and tested. Establishing a reference frame for the manual cataloging team, conduct

4 experiments, and quantify the effectiveness of the model through 5 control groups in each experiment. [Results/Conclusions]
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In unimodal classification, the average accuracy of DeepSeek (80.69%) was significantly higher than that of GPT-4 (64.20%).

The increase in prompt information improved the accuracy of DeepSeek, while GPT-4 experienced performance fluctuations due

to information redundancy. In multimodal scenarios, DeepSeek outperforms GPT-4 in accuracy (94.5%), recall (84.0%), and F1

score (88.9%), with a collaborative accuracy rate of over 99.0% achieved by experienced catalogers and DeepSeek. The large

language model significantly optimizes the efficiency of book classification through multimodal collaborative representation and

dynamic knowledge distillation mechanism.
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