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Abstract: [Objective/Significance] In the context of the surge in the amount of policy text data and the increasing complexity
of its structure, for the characteristics of high complexity, strong domain and specialized terminology of policy text, the current
methods based on global feature representation are deficient in semantic detail capture and cross-domain generalization. [Methods/
Processes] From a local perspective, a policy text mining method based on local linear autoencoder is proposed to improve the
policy clustering and classification effects by extracting local smooth low-dimensional representation of policy text. First, the
cosine distance represented by BERT is used to determine the local policy text neighbors, and then the autoencoder is trained
by jointly minimizing the weighted mean square error and reconstruction error of the local policy text neighbors. [Limitations]

It is mainly aimed at Chinese policy data, and has limitations in applicability to policy data in different languages. [Results/
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Conclusions] Compared with the comparison method, the proposed method achieves 85.78 in spectral clustering, an improvement

of 10%, and the average value in SVM classification algorithm is improved to 86.88%, an improvement of 7.5%. The results

show that the proposed method can provide a more discernible low-dimensional representation for policy texts, thereby

improving the performance of policy clustering and classification tasks.
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HI4UBARL, HA B A (7) Pk

MI(C,T)
max(H(C),H(T))  (7)

Hrp, C={C} FRET A UARHATTE
WA TR G RIEF L Z R Iy AR, i
T={T} R CA L IGNE L. H(C) Rl H(T)
03X L PR B AR EL, MI(C, T) S ph i
B EAEE, ERITEAXIRA (8) Fik.

W= 2 T oy ()

p(C,, T) A x,eC, T, AR, Fon
MSCAEE R AL — G SCR TR E T C, T, 1)
HESR, 11 p(C)) Fem FEHLIE R — s SCAR x,eC, 1)

NMI(C,T)=

ETBEE&M BRI BERX ARG AR
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R, p(T) FoRBEHLEI SO x.e T, IR
XTI, HIRFIEE P AT ]
AR DL, R FAE F RIS e R 45
RIHERR,  F (R AR M,
Hatgr At (9) Fis:
— Zl_cl.Fi

F==— (9)
Hrp, o FOREH i 1Y j%z]s PRI Y
Hefl, C RamMBAER AR/, FIRRTH
i) FAE, B 9k#% (Precision ) P, FlI4 1]
# (Recall) R, % UIHHIC, X =FTMFEIRA0TT
o= (10) . (11) Fi (12) FR:
[{3tsseAs| N (T e A

T ) (10)
o [BESR) n[{FsCk]
Pi 'Ri
F = 213- R (12)

34 SYRELE

BEXS A SO vk vl SRR k AR AR R 4E
dim, I X, Bl AT BB A i, Horp
dim 43 B35 90, 110, 130, 150, k 4351
o1, 13,15, 17, 19, 21, Jfics (5)
S (01€2) TR ZEHFHEIEARIREL epoch 224K DL, TF
W3, X dim Ky 110, k2 19 i, ARG
RACIRZEAE 0.098 (LR ) o ik, A3C007
PARRSHORE T . TRk o 19, R4ER
ARl 110, 2] 300y le-4, SEAECH 100,
%A~ batch_size N 8 5%, {4k #% & Adam, =C
5 18 17 ¥ $% 2 python3.8, GeForce RTX 3090
(24G ), CUDA WA A 12.0, pytorch fiiAs 4y 1.7.1

(D https://huggingface.co/ValkyriaLenneth/longformer_zh/tree/main
) https://github.com/TropComplique/Ida2vec-pytorch/tree/master
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&3 FRSHASHMEEBIKE (dim,k)

(dim)k ) 10 20 30 40 50 60 70 80 90 100
(90,11) 24.672 20.321 13.236 7.347 8.694 6.845 5.367 3.779 3.867 3.857
(90,13) 24.874 20.854 10.847 7.064 9.245 6.784 5.569 4.257 3.567 3.894
(90,15) 24.574 20.103 9.324 6.824 8.364 6.984 5.364 4.125 3.315 3.845
(90,17) 24.354 19.956 8.335 6.536 9.357 6.894 5.268 4.368 3.452 3.947
(90,19) 24.451 19.265 7.214 6.228 10.67 6.214 4.687 4351 3.424 4.015
(90,21) 23.324 19.324 7.234 6.354 10.357 6.534 4.997 4.687 3.354 3.898
(110,11) 16.362 3.264 3.547 4.123 3.759 2.854 2.311 0.812 1.354 0.98
(110,13) 16.354 3.684 2.957 2.684 2.84 2.256 2.037 0.798 1.365 0.53
(110,15) 16.251 3.882 2.931 2.614 1.954 1.914 1.423 0.601 1.245 0.32
(110,17) 16.012 3.478 2.9 2.654 1.789 1.465 1.137 0.203 1.127 0.21
(110,19) 15.987 3.267 2.88 2.014 1.327 1.044 0.737 0.098 0.106 0.113
(110,21) 15.654 5.234 2.84 1.867 1.987 1.394 1.823 0.099 0.987 0.383
(130,11) 23.354 2.364 1.568 1.964 2.794 2.997 2.234 1.295 1.398 0.924
(130,13) 23312 2.364 1.354 1.035 2.984 3.654 2.802 1.234 1.086 0.857
(130,15) 23.296 2.121 1.124 0.967 2.997 3.817 2.968 1.117 1.564 0.998
(130,17) 23.124 2.301 1.016 0.864 2.634 4.095 2.614 1.954 1.359 0.874
(130,19) 23.012 2.001 1.245 0.884 2.897 3.854 2.554 1.824 1.077 1.004
(130,21) 22.997 1.951 1.874 1.798 3.156 4.351 2.368 1.694 1.388 0.997
(150,11) 23.226 9.583 12.305 9.956 6.984 5.742 3.894 2.952 3.523 3.001
(150,13) 23.325 10.958 12.204 9.684 6.554 5.957 4.854 3.002 3.142 2.589
(150,15) 23.647 12.657 12.021 9.59 5.768 6.259 4.594 3.302 3.341 2.887
(150,17) 23.124 15.397 11.965 9.556 5.241 7.002 4.637 2.99 3.262 2.789
(150,19) 23.364 14.624 11.8 9.451 5.651 7.621 5.127 3.431 3.491 2.996
(150,21) 23.034 18.759 11.324 9.49 5.334 7.035 5.987 3.112 3.482 2.857
3.5 BERERE 85.78, HTFT 10%. X LL{IFHE 2 A SO k44

R A JETR T ARSI RS R AR AL I AL £ £y
L SCAR Fe 7R 7E Kmeans A1 58 2 1 Ff 3803k 19
NMI R, HRSEACE i ik, Hrh R
B H 58S BB BARSF—2L, ncluster B2
2. AR EoN, METALSH TF-IDF, 43075
M1 LDA. LDAvec. longformer 4% 1) # /R [
RPN R R ICE T R A,
SHAMI AR, A5 B R fem NMI, 78
Kmeans i5%] 84.98, 2Tt 1 7%, TEIEHRIKEILF]
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IR A7 RS AT SR Rl 2 18] A AR
454, A A TR IR o

K4 FREFFIEEE Kmeans FIE R LRI LET X
A9 NMI (ncluster = 2)

Kmeans FEEK
TF-IDF 58.94 61.71
LDA 63.73 63.38
LDA2vec 70.26 73.86
longformer_zh 77.68 75.36
A7k 84.98 85.78




BEAh, N T RN AR SO i 5 6 L AR BT A
HEBUR SORFR I HHRERE, N A TR
FC KRB PISEEE b 43 B BEATLPEE 350 4%
BOAE, SR ¢ 4 A bt AL 4B 3 A (t-SNE )
XA ) 7 v AR A B B R R AT T AL
BoOSEOEE W . DI YEEE S8 init_dims =

@
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30, N2 perplexity = 50, K2 JE/R T s
LDA. LDA2vec. longformer Fl A~ 3C J7 ¥ % 4
il Al AR A 2R ) 4B K A~
YRR RN — D ECRSOR, A R 2500 B >R
MFEFREERN, Arid XA TR eSO, 45
10 2 KRR

anananan

B2 [BHENBERXAFRARTEENTRULRR

25 bl LIS I LR =07 T E 2451

5, TR D, S HAB TR L,
ARSI IEAE —HEnT A 2 6] P R 2 O
A LR &0 30 SRS e A, Bcdle s A
W NS BARRI N, HAb Tk R B
Bl SAETER B “RARRAE” pBCR, A
J7 vk B B ECE SAR  e) o AT SN 2), SEE
MBI AT o X EAR AR TASTT kSR A B
OO R HA 5 1 [F) 2SN R P2 0 7

16 SN b 0 i A [ N (191375 -4 € €
Jey e L B rh T JGEE SR A 22 S AR ALY it
HELRY “RE” BCR.

HUR, AR N DT T, R B K
HORW MBS . R BT EZYs, ALE
REHCRZ AP THORE L, 7= r B 254 PR 4
JE, X SO AT R RS A A AT R AR SR
AR, A5 MR R . AR,
ARICTT I RS KA S B R (91T R
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fiE, mi5RZ BRI AR, ARGk T
BHRREIN S, FIGEER R Rk it
T ORI EERY, AR % T G MR S
AR SCRHBLE

Foa, 8 SGE S, BT AT
BIRE” 5 KRB BUOR SCAFE— 81 LA,
— BB R SO R IR 1) £ E IS L E A
R =S WL C TR AN o3 b D)
Hfd le KRBT 24k, “ANTERE” 352K,
RIS KRB RE”  “ REIE IR 3 i
ARCANT R RE R FEAFRE, Xl
ASTETC M B RN, 38 o BIMERE RO
(AR HAD T ¥, AT EEAT BEORFFECAF 1) NMI
EANEREN T, XD RAE 7 AT A
AbFRAZ % A SRl e

3.6 BUERSSE

5 IR T A S5 5 HABXT vk i
Y BUR SCAR R R AE SVM I RF 1 Fh 43 28 58
BT RR. Wbl LURE I, FERTA Jrike,
ARSI VEAE RN 4325 75 1 LU e AR 43 284K
R, R F ISR T . BRI
A SCT7 - A 12 w3 86.88% (SVM) Al
85.76% (RF ) , ##:F longformer J5ik, 434l
T+ T 7.5% (SVM) F19.3% (RF) . iXEEiE
it B W AR ST 1 S (IR 2 3R s LA T B )
PROR, AR TOACBOR AR, X%
1S T A BRI T R A AR A I 25
3 2ok Jr) S B R SCAR ST AR (4 InAS ) T R 2 R E A
WK G B MU, A BOR SCAMIRGE R
IRFESTRE TR A AR BOR SCAS T i SUE
SR T AR SRR (0 R -, (A S e ) 5

TECHNOLOGY INTELLIGENCE ENGINEERING
2025F <5115 - 553 88

doi:10.3772/j.issn.2095-915x.2025.03.003

i) T A A A0 SCAS 73 E AR LR 4E 57

&5 AREFRTEEIESVM I RF M LEER F(%)

SVM RF
TF-IDF 66.23 63.86
LDA 70.32 69.86
LDA2vec 73.17 72.64
longformer_zh 79.37 76.46
ES @RS 86.88 85.76

4 £t

AR SO 1 KA /M SR S B SCA T
B8 BRI 15 2 I A 1R 2 R I 5 1 3h i
e, AR IR 4 1] TR > RIS &P 19 B
S SCAR Gy BT AR LA AR 2 R . 3 I A TR
2] HURBERR 2 LR H, A RURI T BUOR
ARG BT T T S R DRARE RS BB 17 P 7] R
ARSI IEAE S RIS 85.78, 7E SVM 432
W7 TS T-HIME A 86.88%. 4EHFEM, AL
TV AT DA Ry BOR SCAS St T H R R 9 IR 4k 32
Ro B SCAKNEE, AR SCOR F R K 4096
A B9 SC longformer  zh FRRY A= R[] 5 4 1)
AT AR N SR R i s A, AT Bt
KA B LR BUOR SCAR B SUE B, K
R 4096 BIECK SCAS, longformer zh HREVE
PR AL B, AR — s R b et i A Rk
K, RERBUHE SCARTE SCA AN 20, (E A5 1 22
R, AN, AR SR R IANAIL T
XFE T, XA R A Sy T AE R AR S
R AL RE ) R R S PERE

e 5 SRS BRIV AR, %0 ik T TR e X
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