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Abstract: [Objective/Significance] The rapid growth of biomedical literature brings challenges to clinicians in tracking the latest
knowledge and retrieving high-quality evidence. The use of artificial intelligence technology to identify high-quality clinical
research will greatly improve the acquisition and update of effective evidence. [Methods/Processes| The article firstly defines the
concepts of clinical research and clinical research paper quality, then sorts out relevant research results around the identification
technology system of high-quality clinical research papers, from gold standards to specific identification technologies, and finally
summarizes the current research status and proposes existing problems and related enlightenment for future development. [Results

/Conclusions] It is recommended to develop large-scale gold standard data covering surgical fields and the latest clinical research

ERWME hEEFRE R SRR A TRIE A2 ks B S E MRS A7 (2021-12M-1-033) 5 PUKA2HR
ERLT WP RHE R LS P B S8R (2023ZD0509705)
fEEENT HE 1987-) , W4, FIMFRR, EZEWFR DT HCAEHEIES . JEIESE, E-mail: xumeimei2005@163.com.

SIRtEE AT SR TIRIEIUA 1w IR AT S8 S A S ik e RS8R 0] W5RTAE , 2025, 11(3): 41-57.

TECHNOLOGY INTELLIGENCE ENGINEERING

2005F - 55115 - E 31 041



=gt s, 0 INTELLIGENCE TECHNOLOGY

doi:10.3772/j.issn.2095-915x.2025.03.004

in the future, expand the auto-identification model for high-quality clinical research in non-English languages, and improve the

artificial intelligence method for auto-identifying high-quality clinical research.
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