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AREVIEW OF ENTITY RELATION EXTRACTION
BASED ON LARGE LANGUAGE MODELS

Abstract: [Objective/Significance] This study focuses on entity relation extraction, a core task in text mining and information
extraction, to explore its applications and challenges in modeling text and automatically identifying semantic relationships
between entities. Traditional methods show limited effectiveness in low-resource scenarios and fail to meet the demands of
complex tasks. Recently, entity relation extraction techniques based on large language models (LLMs) have emerged as a research
frontier due to their strong generalization capabilities and low reliance on supervised data. [Methods/Processes| This paper
systematically reviews the applications of LLMs in entity relation extraction, covering three main tasks: named entity recognition,
relation extraction, and joint entity-relation extraction. It focuses on analyzing the application frameworks, key techniques, and
performance of models across different tasks. Additionally, it discusses potential developments in data augmentation on existing
research. [Results/Conclusions] LLMs demonstrate strong performance in entity relation extraction, particularly in significantly
reducing dependency on annotated data in low-resource scenarios, thereby expanding the applicability of the technology.

Keywords: Entity Relation Extraction; Large Language Models; Named Entity Recognition
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