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Abstract: [Objective/Significance] Open source intelligence has become a pivotal research focus, with its strategic significance
rooted in furnishing decision-makers with essential information support within intricate environments to aid in formulating
optimal decisions. [Methods/Processes] This paper elaborates on the operational workflows of various modules within OSINT
entity linking, organizes the developmental trajectory of entity linking technologies, and examines the impact of the latest
technological innovation, DeepSeek, on the field of OSINT entity linking. [Results/Conclusions] Through a comprehensive
review, it is evident that existing technologies can theoretically effectively address the issues in OSINT entity linking. However,
with the advancement of time, new challenges such as multimodality and small sample sizes have emerged one after another.
Therefore, there is still a need for innovative entity linking technologies to break with tradition and establish new paradigms.
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