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Abstract: [Objective/Significance] With the increasing scale of museum construction and growing number of visitors, higher de-
mands are being placed on museum service formats and capabilities. This paper takes a natural history museum as an example to
explore a novel method for constructing a question-answering system based on knowledge graphs and large models, integrating
the respective advantages of large models and knowledge graphs to enhance public service capabilities. [Methods/Processes] Dur-

ing the knowledge graph construction process, to improve efficiency and reduce costs, a 13B model is fine-tuned and utilized to
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extract required entities, relationships, and attributes for graph construction. In the process of constructing the question-answering

system, the large language model is integrated with the knowledge graph.By leveraging the large model to identify user intent and

extract entities/relationships for precise matching in the knowledge graph, the matched results are then used to design prompts for

large model reasoning. [Results/Conclusions] The average accuracy of knowledge extraction exceeds 85% with an overall recall

rate of 88%, meeting the requirements for knowledge graph construction and updates. Q&A System achieving 91.00% accuracy

in single-round dialogue and 88.93% accuracy in context-based multi-round dialogues, effectively meeting museum operational

needs.
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